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The variance in outcomes for psychotherapy patients
is not partitionable into components that are independent
contributions of treatments, therapists, and patients. If
these inputs did not influence one another over the
course of psychotherapy, they could be independent
and so have additive main-effects or interaction-effects
on outcomes. But that is impossible because they do
influence one another and therapists are responsible for
actively managing the psychotherapy process by repeatedly
adjusting these inputs toward optimally influencing one
another. The consequent interdependence of these inputs
within the therapy process needs to be reflected in the
design and analysis of psychotherapy outcome studies,
as it presently is not, if we are to learn who is adequate
for treating whom, how, and why so.
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‘We can partition the dependent variable outcome variance
of psychotherapeutic treatments in randomized clinical
trials (RCTs) as if the effects of treatment types, psycho-
therapist types, and patient types could be disentangled,
but it is important to appreciate that they cannot be, for
the following three reasons.'

First, the types of psychotherapeutic treatment can be
validly evaluated for their effectiveness only according to
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how they are performed by given samples of therapists
and how they are engaged by each therapist’s given
sample of patients. Therefore, types of treatment cannot
reasonably be evaluated for effectiveness simply as if in
their outcome-relevant regards they were independent
of these therapists and patients.

Second, individual therapists and types of therapists
can be evaluated for their effectiveness only for what
they actually are like and do in their work with their
patients, and this must in part be influenced by the types
of treatment that are incorporated and emphasized in
their work and by the nature of their patients and
how these patients participate in the therapy process.
Therefore, therapists cannot reasonably be evaluated for
effectiveness independently of the particular mixtures of
and relative emphases on the types of treatment they
employ and of the particular types of patients they treat,
which are matters that they are professionally responsible
for but are only somewhat under their control.

Third, a patient’s responsiveness to treatment depends
in part on the actual treatment and relational context provided
by her or his particular therapist. Therefore, a patient cannot
be evaluated for her or his contribution to the outcome
of treatment independently of the mixture of and differ-
ential emphasis on the treatment types provided and of
the other influences of the therapist on the therapy process.

All of this ought to be quite apparent to anyone who
is familiar with the nature of psychotherapy. And it
should be taken seriously in the design and analysis of
psychotherapy outcome studies. (The role of types of
treatment circumstances, such as inpatient or outpatient
and voluntary or involuntary, will be ignored here in the

interest of simplicity of presentation and because the
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reader can easily see that it must parallel the entangled roles
of treatment, therapist, and patient types.)

ORTHOGONAL PARTITIONING OF OUTCOME VARIANCE

If there were a mutual causal independence of the
independent-variables or factors in a fully crossed or
full-factorial RCT design, then the dependent-variable
variance could be partitioned into three orthogonal
main-effect components: the between-treatments
component, the between-therapists component, and
the between-patients component (see, e.g., Cox, 1958,
pp- 23—47).The presently supposed way to realize such a
design in RCTs is to have two or more (supposedly)
uniformly fixed types of treatment, the therapists
assigned at random to these treatments so that the
treatments may receive stochastically equivalent lots of
therapists (in terms such as of aptness at providing
the treatment), and the patients assigned at random to
therapists so that the therapists may receive stochastically
equivalent® caseloads (in terms such as of responsiveness
to the treatment). If all of this were achieved in such
a doubly nested design (i.e., therapists nested within
treatments and patients nested within therapists, which is
also referred to as a three-level hierarchical design),
then independent main-effect components of patient
outcome variance due to differences in initial input types
of treatment, to differences in initial input type mixes of
therapists, and to differences in initial input type mixes
of patients would be distinguishable. Also independent
treatment type by therapist type, therapist type by patient
type, treatment type by patient type, and treatment type
by therapist type by patient type interaction-effect
components of patient-outcome variance (from what
was left after the main effects were partitioned or partialled
out) would be distinguishable.

This is a kind of mathematical ideal, but one that does
not suit the realities of psychotherapy. It does not, because
to properly partition oufcome variance into independent
or orthogonal components associated with specific
treatment, therapist, and patient initial inputs, each of
these kinds of inputs must in fact be unaftected by and in
this sense independent of the other kinds of inputs.
The simplest way to achieve this in a case is to have each
input variable maintained at a fixed level throughout
the course of that case. In this way we could logically

consider that these specific initial inputs account for specific

orthogonal components of outcome variance. But this is
impossible in psychotherapy outcome studies, as shall be

argued next.

THE CAUSAL ENTANGLEMENT OF TREATMENTS, THERAPISTS,
AND PATIENTS

Causal entanglement (Elkin, 1999) means that outcome-
relevant treatment, therapist, and patient input variables
or types causally influence each other, which is the problem
of nonrecursiveness (see, e.g., Berry, 1984, pp. 7-18).
The appropriateness of the analysis of variance (ANOVA)
for estimating the relative efficacy of different treatment
types, therapist types, or patient types in an RCT rests
(most simply) on the assumption that each independent
variable (or contrast, such as between an experimental
treatment E and a control treatment C) that can account
for some component of dependent variable variance in
that RCT is an absolutely (or mutually independently
stochastically) stable influence on this variance. If this
assumption is true, then the influence on outcomes of
each controlled independent variable (or contrast) in that
RCT is independent of the influence of the other
controlled variables in the study. This means that the
contrast of an experimental treatment type (E) versus
some control condition (C), that is, the mean difference
in outcomes between E and C, is not biased by differences
in the therapist types (such as being sufficiently apt at or
focused in treating) or their mixes or by differences in
the patient types (such as being motivated for or responsive
to treatment) or their mixes in these two comparison groups.

However, this independence or orthogonality assumption
cannot, in general, reasonably be assumed to hold,
because the independent variables or input types actually
operative in psychotherapy logically must tend to
causally influence one another in the process of psycho-
therapy. Furthermore, the dependent variables also must
tend to influence the independent variables, because
what therapists do next in the course of an episode of
psychotherapy should and does clinically somewhat
depend upon what has already happened to the patient
in terms of the outcome variables. And if this independence
assumption does not hold well, then anova is an
inappropriate form of data analysis for this (doubly
nested or three-level) RCT design, and also inappropriate
are the hierarchical regression analyses that are now quite

commonly used to orthogonally partition outcome variance
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by successively partialling out components of variance
(see, e.g., Cohen & Cohen, 1983). So psychotherapy
cannot reasonably be studied as if it were a system of
strictly independently contributing causes whose effects
on patient outcomes independently add up and do not
causally affect each other, that is, as if it were a recursive
system as ANOVA logically requires (see, e.g., Berry, 1984,
pp. 11-15). Because it is not a recursive system, the total
between-treatments and between-therapist-within-
treatments components of variance from this usual patients-
nested-in-therapists-nested-in-treatments RCT design
cannot fairly be interpreted as indicating the extent of
the different treatment types’ or therapist types’ or
patient types’ independent contributions to the variance
in the outcomes of psychotherapy.

This nonrecursiveness is obvious in the very nature of
psychotherapy. Professional therapists are not simply
uniform conveyors of treatment types to patients, but in
various manners and to various extents they must try to
adapt these treatment types to themselves and to their
particular patients and must try to adapt themselves and
these patients to these treatment types. And they rationally
must do so responsively to their patients’ changes in
(what the particular therapist at least implicitly takes to
be) the relevant process or outcome variables. What
competent therapist does not try to optimize the translation
of an assigned or chosen treatment type (e.g., how here
and now to effectively reinforce constructive behaviors,
credibly communicate clinically helpful information, present
and time and work through interpretations, convey
unconditional positive regard, etc.) and of his or her
initial way of relating (e.g., with what warmth, openness,
concern, patient-role induction efforts, etc.) according
to how she finds she can sustain doing so and according
to what the impacts of various versions of these seem to
be on each patient.” Similarly, patients are not simply
uniform recipients of treatment types and of therapists’
ministrations, but in various manners and to various
extents they must (rationally or not) adjust what they
make of and how they deal with therapists and treatment
types and adapt themselves to these therapists and treat-
ments, and this must (at least sometimes) be in terms of
what each patient (probably implicitly) takes to be the
relevant process and outcome variables.* What motivated
patient does not try to optimally adjust to (or escape)

what is offered her or him, according to how helpful (or
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intolerable) it seems. This is where the nonrecursiveness
necessarily occurs in the processual system of psychotherapy,
so no fixed and therefore independent therapist or patient
influence upon outcome ought be presumed to be added
to some fixed and therefore independent treatment
influence upon outcome.

There are obviously potential if not explicitly manifest
dynamisms here, that is, nonrecursiveness, quite unlike
the recursiveness (i.e., the absence of causal feedback
loops of independent or dependent variables causally
influencing other independent variables) that logically
must exclusively prevail for appropriate applications of
ANOVA.” Simply equating the mean initial values of possibly
outcome-relevant patient variables across therapists and
of possibly outcome-relevant therapist variables across
treatments, either exactly by individual selection and
matching or on average by random assignment of
patients and therapists (where either of these methods of
control is actually feasible and successful),’ could not
make a causal system that is nonrecursive be recursive.
The complex causal exigencies of the psychotherapeutic
situation are likely quite various across patients, episodes
of treatment with the same patient, and even sessions
within episodes, so the appropriate nonrecursive causal
model of psychotherapy effectiveness may well be something
too various and dynamic to justifiably assume to be uniform
across patients or even across sessions within any given
case. This means that the values initially taken by actual
outcome-relevant treatment, therapist, and patient variables
in a case cannot in general be counted upon to be the values
that these variables strictly maintain or even average
over the whole episode of treatment of that case. This is
something that needs to be studied empirically, processually
case by case, and settled before any causal model can
properly be assumed to hold across sets of cases or over a
whole episode of therapy for any single case.

THE EFFECTIVENESS OF AN EPISODE OF PSYCHOTHERAPY

A primary clinical reason for studying psychotherapy
outcomes is to learn how to help therapists to be more
effective with their patients. This means, first of all,
trying to learn what types of patients to refer or assign to
and to be persevered with by what types of therapists to
optimize outcomes, because we must try to optimally
use whatever therapeutic resources are presently available.

Second, it means trying to learn how to make each
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therapist an adequate therapist for various specific types
of patients (if not all patients), because we want to improve
our therapeutic resources. Fortunately, what is needed
to be determined here is not the size of orthogonal fractions
of outcome variance but how to adequately pair thera-
pists with patients and match types of treatment with
specific pairings of types of therapists and patients. This
requires us to learn just what types of therapists can be
reasonably expected to be adequately effective therapists
for what types of patients and to learn eventually what types
and mixes of treatments can be reasonably expected to
be adequately effective for what types of patients when
carried out by what types of therapists.

Differences in the variants and mixes of the various
types of treatment that are actually performed by particular
therapists included in an RCT comparison group in
their working with the particular patients assigned to them
must account at least in part for how relatively effective
each type of treatment appears in the aggregate to be for
that comparison group (see, e.g., Elkin, 1999; Orlinsky
& Roennestad, 2005, pp. 3—7; Serlin, Wampold, & Levin,
2003; Siemer & Joormann, 2003). And difterences in the
mixes of types of patients across individual therapists
must account at least in part for how relatively effective
each therapist appears to be (see Crits-Christoph, Tu, &
Gallop, 2003). Likewise, whatever differences in the
mixes and sequences of and degrees of expertness in the
types of treatment the individual therapists actually use
in each case must account at least in part for how relatively
effective each of them appears to be (see, e.g., Huppert
et al., 2001; Krause, Lutz, & Saunders, 2007).

However, it is ultimately the therapist’s professional
responsibility to ably and intelligently manage the process
of psychotherapy no matter how treatment types or
mixes drift or the patient or the therapist (as therapist)
may change in the course of and as part of this process.
This is a crucial consideration for the proper design and
analysis of outcome studies, because it means that in fact
treatments as actually provided are nested within patients
(cases) and patients are nested within therapists. Although
the causal influences carried by each of these three kinds
of entities can affect those carried by the other two, the
therapist has the responsibility for managing what
happens in the psychotherapy process.

The recent research literature on therapists’ aggregate

contribution to psychotherapy outcomes provides us an

important perspective and timely warning on this point.
There is evidence that has been interpreted to mean that
relatively little of the variance in patient outcomes in
RCTs or in ordinary psychotherapeutic practice is on
average due to therapists, about 5-10%. Whatever this
amount of therapist main-effect variance is in a given
RCT (and it is noted to be exceeded only by that of
nonspecific treatment factors: see Elkin et al. 2006; Kim,
‘Wampold, & Bolt, 2006; Lutz et al., 2007; Wampold, 2006;
Wampold & Brown, 2005), it simply cannot correctly be
interpreted as a measure of therapists’ contribution to the
outcome of any type of psychotherapy. In fact all the
effects of every type of psychotherapeutic treatment are
in part necessarily therapist effects, because they depend
at least in part on how the therapist actually proceeds to
do psychotherapy and to engage his or her patients in
the therapy process (e.g., see Baldwin, Wampold, &
Imel, 2007). In other words, the effects of every type of
treatment are necessarily mediated and moderated (see,
e.g., Edwards & Lambert, 2007) by the therapists who
enact the treatment. It is impossible for an intelligent,
competent, experienced, ethical, humane psychothera-
pist to do psychotherapy without somewhat inflecting
what she or he does (i.e., the mix of, relative emphases
on, and nuances in treatment types used, and even the
continuing of rather than transferring or terminating
cases) and how she or he relates with patients according to
the particularities of each patient (in terms, e.g., of the
patient’s openness, intelligence, motivation, prior experi-
ences in or outside of treatment, self~awareness, ability to
take an adequate patient role) and of each session (accord-
ing to, e.g., the patient’s or therapist’s intruding life crises,
transient physical illnesses, acting out, and ruptures in their
working alliance). This is so because psychotherapy—rather
like parenting, teaching, managing, negotiating, etc.—is
inherently an intimate and dynamic interrelating of
persons that is somewhat constrained by the treatment
type(s) the therapist invokes and by the nature and state
of the patient and the therapist. Amidst all of this
complexity the therapist is professionally responsible for
navigating and does somewhat navigate the course of
treatment, somewhat unintentionally reacting to and
somewhat intentionally adjusting to the exigencies of
the process what he or she does and how she or he is in
this process. Thus, everything that impacts upon the

outcome variables during psychotherapy sessions (and
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some things outside them, such as the patient’s assigned
or spontaneous homework, like practicing newly taught
ways of dealing with stressors between sessions) ought to
be, can be, and may be somewhat influenced by the therapist.

Undoubtedly some therapists are more effective in
treating some types of patients (e.g., see Huppert et al.,
2001; Lutz et al., 2002), and so the question of what type
of therapist is most effective (perhaps in part through
emphasizing some treatment form or combination of
forms) with what type of patient, as these types are identifiable
pretreatment, is very much worth addressing. The critical
issue here is how to predict who will do well enough
with whom, rather than how much variance in outcomes
there is between therapists in the aggregate. Studying cases
aggregatively (e.g., in terms of averages, as ANOVA requires)
is sensible for clinical purposes only when what has been
aggregated is sufficiently homogeneous both in the
relevant predictors or causes and in the effects of interest,
so we must try to disaggregate cases into such homogeneous
specific sorts (see Krause & Lutz, 2006; Lutz et al., 2006)
rather than simply accept whatever heterogeneity in
inputs, process, or outcomes that happens and apply
ANOVA regardless.

In light of the crucial role in psychotherapy of the
therapist intermediating between treatment type and
patient by trying to adapt and apply the former to the
latter as well as to adapt the latter to the former, it is
actual therapists rather than abstract treatment types that
should initially be compared. In actual practice, patients
choose, referral sources refer to, and supervisors assign
cases to particular therapists to take intelligent responsibility
for the treatment of patients. Insofar as some input types
of therapists and of patients are clearly distinguishable,
these types can be aggregatively compared so as to determine
which types of therapists are adequately effective in treating
which types of patients. Whatever types of treatment or
mixes of these treatments a therapist characteristically
invokes with a given type of patient may prove to be part
of what distinguishes the effective from the ineffective
types of therapists for that type of patient, but such things as
just how a therapist characteristically navigates the
therapy process also need to be considered in any such
type of therapists (e.g., reliably constructively responsive
in treating, sometimes destructively reactive in treating,
quick to refer personally unsuitable patients, quick to terminate

personally unsuitable patients, and too rigidly perseverant).
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DISAGGREGATING CASES RATHER THAN PARTITIONING
AGGREGATE OUTCOME VARIANCE

Each individual therapist’s distribution of case outcomes
is the logical place to start the data analysis on the effectiveness
of psychotherapy. (a) Pooling or aggregating cases over
one sample of therapists and separately over another
sample of therapists to estimate a treatment contrast or
component of outcome variance (i.e., between-treatment
variance divided by total variance) confounds between-
therapist and within-therapist information and so biases
this estimate. (b) Pooling or aggregating cases within
therapists to estimate an aggregate therapist component
of outcome variance (i.e., between-therapist variance
divided by total variance) confounds and so biases this
estimate with between-patient information. These
confoundings are only clinically justifiable if they amount
to not more than trivial biasing or to just random noise
and so are virtually not biasing at all (as random assignment
is commonly but wrongly supposed to achieve in individual
R CTs), which are possibilities that call for corroborating
evidence rather than something to simply be assumed.
Such evidence is unavailable so long as any outcome-
relevant input variable supposedly equated across comparison
groups by random assignment remains unmeasured.

This means that (a) aggregating of or averaging over
therapists is justifiable for RCT purposes when the
sets of therapists assembled within an RCT’s treatment
groups are in all outcome-relevant regards nearly enough
equivalent across these treatment groups, but (when it
actually is feasible) random assignment is not reliably or
verifiably effective at achieving the required equivalence
in any individual RCT (see Krause & Howard, 2003).
And, were it feasible and actually successful at achieving
such equivalence, at just what multivariate distribution
of therapist-variables’ values (or mix of therapist types)
the comparison groups are equivalent would remain
unknown (i.e., without the necessary measurements having
been taken), although this is clinically essential for us to
know (see Krause & Lutz, 2006). (b) Such aggregating
of or averaging over the patients assigned to each therapist
in an RCT is clinically justifiable only when the sets of
patients assigned to each therapist are in all outcome-
relevant regards nearly enough equivalent across therapists
(and,

achieved—cannot guarantee this or let it be verified or allow

again, random assignment—were it actually

us to know at what configuration of patient-variables’
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values this equivalence has occurred). Simply assuming such
equivalence as a hypothetical justification for applying
ANOVA (whether by means of experiment design, or by data
analysis alone, i.e., by hierarchical multiple regression) is
obviously not the same as demonstrably achieving near enough
equivalence over therapists around some known multivariate
configuration of patients’ initial input values (or mix of types).
In contrast, the individual therapists’ outcome distributions
are potentially informative for learning who treats whom
adequately insofar as we know which (pretreatment or
input) patient types distinguish the adequately successfully
treated patients of each individual therapist. These may be
the same or different types across therapists, different in terms
of configurations of values on the same set of patient variables
or on somewhat different sets of such variables for the
different therapists. To deal with such possibilities will
require our uniformly validly measuring numerous patient
variables pretreatment and also a finer-grained kind of
data analysis than merely bivariate or even multiple or
canonical correlation between input and outcome variables
unless such correlations are virtually equal to unity. This
is so because for clinical purposes each patient matters, and
so we cannot confine ourselves to dealing with averages
over variation, which is what imperfect correlations are.
Having disaggregated individual therapists’ case outcomes
into sub-distributions differentiated according to patient type,
these can be compared across therapists for how effective
different therapists are for each such type of patient.
Some therapists may be adequately successful with a given
type of patient and other therapists not, and insofar as
this is the case we need to try to define what configurations
of values on therapist variables distinguish the adequately
successful from the inadequately successful types of
therapists for each already distinguished outcome-relevant type of
patient. Comparative discriminant function analyses can
serve as a rough indicator of what set of therapist initial-
input variables (if any) may prove to be good enough at
distinguishing those therapists who are adequately
successful with each given type of patient from those
therapists who are not (e.g., Cohen & Cohen, 1983,
pp- 458—462), but for our clinical purposes deterministic
or nonstatistical methods are ultimately called for (e.g.,
Krause & Howard, 2002). All of this depends upon having
valid measurements on the right variables for making
such distinctions, which remains to be empirically settled,

so there s little more to be usefully said about this now.

The comparison of the outcomes for the same
homogeneous types of patients across individual therapists
and types of therapists is most informatively done by
comparing these therapists” actual distributions of outcomes
for the same type of patient, rather than by comparing
merely the means of these distributions. This is so because
only when one outcome distribution does not overlap
another is the superiority of the one over the other
clinically unambiguous. Insofar as they do overlap, no
matter how great their mean difference, it is possible that
the therapist who averages less effective can nevertheless
have been more eftective with some cases of the given
type (Howard, Krause, & Vessey, 1994). So it is clinically
important to distinguish for what specific subtypes of
patients such interaction effects may be true. This approach
is essential if we hope to optimally match patients to
therapists and also if we hope to identify those particular
therapists whose work should be studied for how best to
work with each particular type (and subtype) of patient.
In this way we can best hope to define treatment types
or mixes of types that are, when practiced by whom
with whom, adequately effective in actual practice.” To
presently be fixated on estimating ANOVA main effects in
the design and analysis of psychotherapy RCTs is simply
scientifically imprudent.

CONCLUSIONS

What is predictive need not also be causal, so certain
treatment, therapist, or patient input variables’ initial or
pretreatment values may be predictive of outcomes even
if these outcomes are actually causally influenced by
other input or process variables rather than by or only by
these predictors. Where we deal with nonrecursive causal
systems, as in psychotherapy and other interpersonal
situations, the control that is meant to be exercised over
such systems for achieving particular results rationally
must be ongoing and responsively adjustable rather than
only an initial setting of inputs. But this does not prevent
us from trying to take advantage of whatever predictability
we can discern, and consistency in any particular therapist’s
effectiveness (or ineffectiveness) over some set of cases
involving a particular initial type of patient provides
evidence of such predictability. Such consistency may
be predictable from, for example, a therapist’s already
demonstrated mastery in the performance of some type of

treatment, his personality or ability characteristics, her
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accumulated learning experience with clients of the given
type, his or her therapy-process management style, or
from some combination of qualities.

An alternative approach, that of studying average
outcomes over supposedly equivalently outcome-
influential sets of therapists nested in supposedly pure
treatment types and with supposedly equivalently outcome-
influential sets of patients nested in each of these therapists,
is the traditional aNova approach. This ANova approach
is vulnerable to nonrecursiveness in its partitioning of
outcome variance, so any apparent effects of initial treat-
ment types are dynamically mediated and moderated in
the therapy process by some of the initial or emergent
qualities of the therapists who enact these treatments and
of the patients who participate in them. This makes the
separately partitioned-out components of outcome
variance spuriously accounted for by the factors to which
they are mathematically attributed by ANOVA.

What is clinically properly sought in our RCTs is,
first, predictive specificity, that is, specifically what initial
types of patients are adequately treated by specifically
what initial treatment types or mix of types performed
by specifically what initial types of therapists. Were we to
know this we could more rationally assign particular patients
to particular therapists, and we could more rationally
recruit and train therapists. Such training ought to use as
its principal models for each type of therapist-trainee the
therapists of that type working with the types of patients
with whom they are reliably adequately successful. And it
ought to use as its principal manuals descriptive formula-
tions of how such therapists work with these particular
types of patients.

If it turns out that some type of treatment is reliably
adequately effective over a wide span of pairings of patient
and therapist types, this will naturally become apparent
from the results of the fine-grained research proposed here.
If this is not what turns out, then we will have learned
more than if we proceeded as if there simply must be
treatment main effects when in fact there are not. Perhaps
here lies the answer to the infamous “Dodo Bird”
phenomenon of psychotherapy outcome research (see,
e.g., Wampold et al., 1997).

NOTES

1. A type is meant here as something defined in terms of
some set of variables: as a configuration of values, one such
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value from each of these variables. If you conceive of a set of
variables as defining the dimensions of a multivariate space,
then each point in that space defines a type and the values on
these dimensions that define this point are its coordinates in
this space and so also define this type.

2. Stochastic equivalence is, in one sense, equivalence as
averaged out at the mathematical limit of all possible random
assignments, but it does not entail equivalence for any given
assignment or set of assignments before that limit is reached. It
entails only a statistical tendency to probabilistically approach
that limit, so any given study may have comparison groups
quite far from equivalent on the uncontrolled and unmeasured
causally relevant variables, and until we have validly measured
these variables there is no way to detect how far from equiva-
lent. See, e.g., Krause and Howard (2003).

3. A treatment manual can offer alternative ways to deal
with various exigencies or can otherwise provide flexibility
within the prescribed strategic approach for therapists’ translat-
ing it into practice (Kendall & Beidas, 2007), but the more it
does so the more conceptually ambiguous can become the
treatment it defines. Furthermore, individual therapists can
differ in their overall use of this flexibility and in how they
do so with different types of patients. What therapist tactics
a manual allows through its built-in flexibility to be inter-
substitutable are not made identical in their effects on patients
simply by being so allowed. This means that what are the given
flexible treatment’s actual effects on patients is ultimately an
uncontrolled empirical matter rather than something that
is definitionally-prescriptively controlled. Furthermore, to
sufficiently define a type of treatment in a manual, whatever
that treatment does not include must be explicitly precluded
(see Krause, Lutz, & Saunders, 2007). So, for example, if a
purely behavioral treatment is to be fairly evaluated it must
preclude all therapist actions (advertent and inadvertent)
that represent other types of treatments, e.g., that could have
the effect of changing patients’ outcome-relevant beliefs,
impulse-defense dynamics, unconditional self-regard, etc.
Otherwise any such actions will confound the effects of the
behavioral treatment on the outcome variables insofar as these
alien actions on patients do influence the outcome variables,
i.e., insofar as the types of treatment represented by these
actions are in fact effective.

4. The nature of the psychological situation that exists for a
patient and a therapist over their sessions together, or even from
moment to moment of a single session of psychotherapy, can-
not reasonably be assumed to be something that is stable and
uniform, nor can the psychological state (and so nature) of
either the patient or the therapist from session to session. The
social psychology literature on personality and situation is
worth looking into in this regard (e.g., Apter & Heskin, 2001;
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Ekehammar, 1974; Fleeson, 2004; Jones, 1985; Krahé, 1986;
Magnusson & Ekehammar, 1978; Mischel & Shoda, 1995;
Murtha, Kanfer, & Ackerman, 1996).

5. Meta-analysis as currently done does not get us around this
problem. The average effect size or percentage of outcome
variance in a meta-analysis for a freatment type—such as cognitive
behavioral therapy—over a set of replicate RCTs involving
that treatment type in pure form (see Krause, Lutz, &
Saunders, 2007) is only a meaningful statistic insofar as the set of
replicates is somehow a representative sample from some
well-defined population of such replicates. Two most obviously
interesting defining aspects of any such population are therapist
and patient types. An average effect size for a treatment is
meaningful only if the sampling error for the therapist types
and patient types is indeed random error (i.e., nets out to zero),
so that the average treatment effect size is not biased by ther-
apist or patient effects (Howard et al., 1997). Has any meta-
analysis of treatments’ efficacy ever demonstrably achieved
such representative or even random sampling? Without such
sampling the individual replicate-RCTS’ effect sizes reflect in
part the systematic differences in the samplings of therapists and
patients among these RCTs, which makes their average effect
size a meaningless statistic. Similarly, for any meta-analytic estimate
of an aggregate therapist effect, the sampling must be representa-
tive or at least random over treatment and patient types if an
average therapist effect is to be meaningful. Simply pooling
more studies is not tantamount to achieving the necessary
sampling.

6. For a detailed critical discussion of random assignment,
see Krause and Howard (2003; also see Hsu, 1989; Rosenberger
& Lachin, 2002, pp. 65—73). With regard to matching, see, e.g.,
Anderson et al. (1980, pp. 69-112).

7. Because therapists can change over their careers in how
they work and because the nature of the populations of therapists
and patients can change over time, it cannot reasonably be assumed
that therapists’ caseload mixes or case-outcome distributions
for each type of patient will remain the same, so these distribu-
tions, the typologies, and the comparisons will require recurrent
updating. How and how much a therapist is changed as a thera-
pist by sheer personal development over time or by the nature
of the particular sequence of cases she or he has dealt with is an
open empirical question. Insofar as a therapist is changed by the
cases she or he has had, the changes are crossover effects (see,
e.g., Cox, 1958, pp. 269-278) from the impact upon this
therapist of some prior cases (e.g., due to a patient’s suicide, a
malpractice suit, a stunning breakthrough in a case) upon the
impact this therapist then has upon some subsequent cases’
outcomes. Such covariates complicate the patients-nested-in-
therapists design by requiring the distinguishing of such phases
in a therapist’s way of relating to patients and of doing therapy

over any given set of temporally sequenced cases. There is a
great deal more to learn about all this, especially since much
more than experiences in doing psychotherapy may affect how a
therapist develops as a therapist over his or her career (see, e.g.,
Orlinsky & Roennestad, 2005, pp. 101-158).
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